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Advances in individualized dosing models of tacrolimus for children
SHEN Li, LI Zhiping (Dept. of Clinical Pharmacy, Children’s Hospital of Fudan University/National Children’s
Medical Center, Shanghai 201102, China)

ABSTRACT Tacrolimus is a crucial therapeutic drug for preventing immune rejection after solid organ transplantation in children.
Due to the narrow treatment window and significant individual variability, personalized treatment is often required. In recent years,
with the promotion of therapeutic drug monitoring technology, individualized treatment models based on tacrolimus drug
concentration have developed rapidly. This article reviews the research progress of individualized dosing models for tacrolimus in
children both domestically and internationally over the past decade. It includes dose simulation methods based on population
pharmacokinetics, physiologically based pharmacokinetics, machine learning, and multiple linear regression. The characteristics of
each model and its application in pediatric individualized dosing are analyzed and summarized. Additionally, the current
development status of decision support systems for individualized tacrolimus dosing is introduced.
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1.1 ETFBHEAHENMTERANEULHER
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25 AH EAE FH TR B 25 e R e 4 = A 43 o T R R
FF B ZE X CYP3AA/S FINHIVE R, IR FLBR I 2 |
R FH RN LR R 430l 40 A\ PBPK AR | B ¢ [ 1]
At v B 5 R A 1) 2 R B VR AL IR EA T T
PK ¥4t .
1.3 EFHRFEINMRET ML ZEER

PAER BEE N TR R ES A e AN TS
PK MG A AR R A 24 0 A W~ B2 o — B i
o HLEs2# > (machine learning, ML) & A T2 GE (1) —

China Pharmacy 2025 Vol. 36 No. 1 + 125 -



A3 S, R A A AR (R AR DR R | SRR )
BL A ZE 2% | DU 7 V655 ) X R BAE A T I 25014
TERE, BATC 2 W H TN | B2 4l 5
AR, B ML 3745 PR S B (W o0 A 758
T R4 ) AGE &, AT BR Y PK/PD BdiE #5473 47 Al
Al Lee ™ HEL T YL  FEHLARM . XGBoost 3
YR TR R , e 2 BRI A PR 51 1) XGBoost 1E 4
ML 73 JEBERY ) e 25005 . AT R R, S G g s — A
RUAR LY, ML 43288 R RS i P&k e . i,
ML B2 T & T N5 LB i At 5 5 =) 14 57
T, —IIEF 3AFEAE L L 2 551 B B A AR
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